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1. Artificial Intelligence
2. Machine Learning

3. Internet of Things
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1. Permeability

2. Log

3. Consolidate

4. Integrity

5. Multi-Agent Systems

6. Deep Learning

7. Artificial Neural Networks
8. Natural Language Processing
9. Robotics

10. Expert Systems

11. Fuzzy Logic
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. Supervised Learning
. Dataset

. Feature

. Linear Regression

. Logistic Regression
Random Forest

. Decision Trees

. Support Vector Machines
. k-Nearest Neighbors
10. Neural Networks
11. Naive Bayes
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12. Unsupervised Learning
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. k-Means Clustering

. Hierarchical Clustering

.PCA

. Semi-supervised Learning
. Self-Training

. Co-Training

. Label Propagation
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. Generative Models

10. Graph-Based Methods

11. Natural Language Processing

12. Reinforcement Learning

13. Monte Carlo Methods

14. Q-Learning

15. Deep Q-Network

16. Monte Carlo Methods

17. State-Action-Reward-State-Action
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. Density-Based Spatial Clustering of Applications with Noise
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1.LSTM

2. ROP

3.SVR

4. MLP-PSO

5. Consolidate
6. ResNet

7. Well Integrity
8. Critical Rate
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1.LSSVM

2. Preprocessing
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1. MISO

2. MIMO

3. Pore Pressure

4. Threshold Sand Rate
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1. Evaluation of the quality of a classification model is to compute a confusion matrix of the actual class versus predicted class

2. Leave-one-out cross validation

3. MSE

4. Response Surface Method (RSM)
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Sand production in oil and gas wells leads to numerous
issues, including reduced well productivity and equipment
damage. To mitigate the challenges and consequences
of sand production, implementing sand prediction
and control processes in wells is recommended. These
processes involve evaluating multiple factors, such as well
depth, formation failure gradient, and other geological
parameters. Due to the vast volume of data and the
complexity of analysis, conventional traditional methods
are time-consuming and prone to significant uncertainties
and errors. Consequently, the adoption of more efficient
methods has gained considerable importance. In recent
years, the application of machine learning techniques for
analyzing large and complex datasets has emerged as an
effective and accurate approach to improving prediction
accuracy. As a result, production engineers have utilized
machine learning algorithms to analyze data related to
sand production. This study provides a review of previous
researchontheapplicationofmachinelearninginmanaging
sand production. To facilitate better understanding, the
referenced studies have been categorized and organized
based on their focus. Furthermore, the algorithms and
validation methods used in each study are specified
to serve as a guide. Therefore, this study can serve as a
reference for future research in this field.
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